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undertaken rather than a literal description of the scene.
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Comparisons of description between our work with NeuralTalk2
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e A crowd-sourced study on Amazon Mechanical Turk. In T e
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Conclusion and Ongoing Work

In this work, we propose a novel method for a scene task suggestion system. These descriptions can be used for applications
like image alt text generation or as priors to existing image description models to build their descriptions upon, rather than
generating them base up. However, this kind of a system is constrained to work on scenes where the task being done is a
prominent part of it. We intend to extend this work to aid in the existing dense image description generation, making models
intrinsically more task-aware by injecting task coherence scores within their architecture.




